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Abstract 

Low-resource domains suffer from limited labeled data, which significantly degrades the 

performance of deep learning models trained from scratch. Transfer learning and fine-tuning 

methods have advanced as significant ways to tackle this problem by using the knowledge from 

those domains with a large amount of data. The present research carries out a performance and 

generalization comparison among the baseline convolutional neural networks, transfer learning 

models, and fine-tuned neural networks in a setting of low-resource domain adaptation. A 

statistically validated experimental framework is applied, where accuracy and F1-score are 

used as the evaluation metrics. The use of randomized controlled trials combined with post-

hoc tests made it possible to detect very significant differences between the fine-tuned neural 

networks and the baseline ones (p < 0.005). This indicates that both lifting and generalizing 

models' data predictions to places with small datasets would be possible. The results offer 

practical guidance for the implementation of deep learning systems in real-world low-resource 

scenarios. 

 

Keywords: Transfer Learning, Fine-Tuning, Low-Resource Domains, Domain Adaptation, 
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1. INTRODUCTION 

 

Deep learning models have achieved remarkable success across a wide range of applications, 

largely due to their ability to learn complex representations from large-scale labeled datasets. 

However, the requirement for vast amounts of annotated data remains a major bottleneck in 

many real-world scenarios, including medical imaging, remote sensing, low-resource 

languages, and specialized industrial systems, where data collection and labeling are costly, 

time-consuming, or constrained by privacy concerns. As a result, models trained from scratch 

often suffer from over fitting and poor generalization when applied to such low-resource 

domains. 

Transfer learning has been recognized as a powerful tactic to deal with this problem by utilizing 

the large amount of labeled data in the source domain to train a model and then transferring the 

knowledge to a less sample target domain. Transfer learning can do this by starting training 

with pre-trained weights leading to faster convergence, reusing better features, and eventually 

achieving mire performance than training from scratch. Fine-tuning takes it a step further by 

only adjusting some of the parameters for the model so that the learned representation fits the 

specific data distribution and task requirements of the target domain. 

The continuous use of fine-tuning procedures as an active area of research is pointed out by the 

fact that the performance of transfer learning in low-resource conditions has not yet been fully 

determined. Different combinations of parameter freezing, learning rates, and training 
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strategies can affect both the accuracy and the generalization substantially. The study at hand 

takes a systematic and statistically grounded approach to compare the efficacy of transfer 

learning and fine-tuned neural networks for low-resource domain adaptation through various 

learning strategies. The findings open a window to the best practices of adaptation, on the other 

hand, the complexity of the model, data efficiency, and generalization performance, are 

discussed as trade-offs. 

 

2. RELATED WORK 

 

Transfer learning has been recognized the worldwide among different researchers as one of the 

most promising methods for making deep learning work in cases when data is very limited. 

The research that was done in the beginning has been in computer vision, and the researchers 

found out that not only can the CNNs trained on large datasets like ImageNet be transferred to 

task where there is very little labeled data, but the training time can also be significantly cut 

down and the accuracy improved. VGG, ResNet, DenseNet, and Inception the most used 

architectures have been used for this application across numerous imaging fields like 

classification, object detection, and even medical image processing. 

The same phenomenon can be seen in the field of natural language processing where pre-

trained word embedding models such as Word2Vec, GloVe, BERT, and the like have also been 

found to be transferable to low-resource tasks in the same way they were in the case of 

sentiment analysis, named entity recognition, and machine translation. Such models exploit 

both the contextual and semantic knowledge acquired through the processing of large datasets 

and hence can be easily and effectively adapted with the help of just a few labeled samples. It 

has been demonstrated that by letting the bottom layers remain static, the models conserve the 

representation of the whole linguistic or visual domain, while the top layers are trained for the 

specific task and thus acquire features specific to that task.  

There have been a number of papers looking into the various fine-tuning techniques among 

which were freezing of only some parts of the network, differential learning rates, and gradual 

unfreezing, which can help achieve the desired mix of stability and adaptability. It has been 

inferred that if fine-tuning is done inappropriately, then it might cause overfitting or the 

disappearing of the model's ability to recognize the previously learned representations, a 

situation that is especially problematic for the low-resource setting. Therefore, it is evident that 

the question of what the best adaptation strategies are remains a great challenge. 

In addition, the recent findings point out that the issue of thorough statistical validation has to 

be taken very seriously when deep learning models are compared to each other. It can happen 

that the performance differences between the models are due to random initialization of the 

weights, different data sets used, or even the way the models were trained and so, thus, the 

conclusions from the evaluations done in a single run may not be reliable. It is advisable to 

apply statistical tests like paired t-tests, Wilcoxon signed-rank tests, and bootstrap methods in 

order to make the comparisons significant. Nevertheless, only a few studies have so far 

included transfer learning evaluation along with in-depth statistical analysis in low-resource 

conditions. This research is aimed at removing such a deficit by conducting a thorough 

examination of transfer learning and fine-tuning techniques based on performance comparisons 

that are statistically grounded. 

 

3. METHODOLOGY 

 

This research paper employs a systematic experimental methodology in its evaluation of the 

transfer learning and fine-tuned neural networks' effectiveness in low-resource domain 
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adaptation scenarios. The methodology guarantees fairness, reproducibility, and statistical 

validity in model comparison. 

 

3.1. Experimental Design 

For this, a comparative experimental design is used, where the three different learning 

strategies are tested under the same low-resource conditions. Each model is trained and tested 

for many times to measure performance variability and to base conclusions on multiple runs 

rather than a single one. The experiments are conducted assuming limited labeled data 

availability, which reflects real-world low-resource environments. 

 

3.2. Model Configurations 

Three neural network configurations are considered in this study. The baseline model is a 

convolutional neural network (CNN) trained from scratch using only the available low-

resource dataset. This model serves as a reference to quantify the limitations of training deep 

networks without prior knowledge. 

The second configuration uses a transfer learning approach, where a neural network pre-trained 

on a high-resource source domain is employed. The pre-trained model's feature extraction 

layers are not allowed to learn new representations; only the classification layers are retrained 

with the target low-resource dataset. This strategy helps the model to take advantage of the 

generic feature representations learned from the large-scale data. 

The third configuration is a fine-tuned neural network in which the pre-trained model is more 

adapted by selectively unfreezing higher-level layers. These layers are retrained together with 

the classifier to better align the learned representations with the target domain distribution, thus 

making the model capable of generalizing more. 

 

3.3. Dataset and Evaluation Protocol 

In order to mimic a situation where only limited resources are available, a dataset with restricted 

samples for every class is intentionally created. The dataset is measured through many 

experimental trials for every model setting. The evaluation is based on accuracy and F1-score, 

since these metrics together represent not only the entire correctness but also the distribution 

of correctness among the classes. 

 

3.4. Statistical Analysis 

A high-quality statistical analysis framework is employed to support the performance 

differences that are noted. One-way ANOVA is done to check whether the three model 

configurations do not differ significantly in terms of their performance. Separate ANOVA tests 

are run for accuracy and F1-score. 

In case of finding significant differences, post-hoc Tukey HSD tests are carried out to show the 

differences among the models one by one. Also, effect sizes are computed so as to find out the 

relevance of the outcomes. Very strict significance level of p < 0.005 is chosen for the sake of 

robustness of the conditions and also to decrease the probability of getting false positives.  

By adopting this methodological framework, it is assured that the conclusions made in the 

experiments are not only statistically sound but also practically meaningful for low-resource 

domain adaptation tasks. 

 

4. RESULTS AND DISCUSSION 

 

The following section describes in detail the analysis of the experimental results that were 

obtained from the comparative evaluation under low-resource conditions of baseline CNN, 
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transfer learning, and fine-tuned neural network models. The discussion is supported by both 

descriptive and inferential statistical analyses. 

 

4.1. Descriptive Performance Analysis 

The descriptive statistics drew inferences that pretty much the same and better model 

performance through the adoption of the different knowledge transfer and adaptation methods. 

The baseline CNN model, which only used a small amount of target-domain data for training, 

had the lowest mean accuracy and F1-score, thus illustrating the big challenges that existed 

with respect to learning discriminative representations in low-resource contexts.  

The opposite is the case with the transfer learning model which improves remarkably both 

inaccuracy and F1-score. The model gets to know the data better, even if it is little, by taking 

advantage of the feature representations learnt from the high-resource source domain. This 

leads to the assumption that the generic features learnt through large datasets for the systems 

are still very helpful when the systems are in the related but data-scarce domains. 

The fine-tuned neural network gets the highest performance throughout the evaluation metrics. 

The unselective unfreezing and retraining of the higher-level layers make the model adapt to 

the target domain distribution hence the accuracy and class-wise balance being reflected by the 

F1-score are both the best. 

 

4.2. Inferential Statistical Analysis 

In order to verify if the performance disparities reported are really statistically significant, one-

way ANOVA tests are performed separately for accuracy and F1-score. The main effect of 

model types on performance, as measured through ANOVA outcome, becomes very significant 

(p < 0.005), thus confirming that the learning strategy choice predominantly impacts the results 

of the model in resource-poor settings. Post-hoc Tukey HSD tests also point out that all 

pairwise comparisons between models are statistically significant. The transfer learning and 

fine-tuned models are the two distressed parties which outperform the baseline CNN 

significantly, while the fine-tuned neural network also indicates a statistically significant edge 

over the transfer learning model. The results obtained confirm that adjusting the model 

gradually through fine-tuning brings in measurable performance enhancements that go beyond 

basic transfer learning. 

 

4.3. Effect Size and Practical Significance 

Effect size analysis not only provides statistical proof but also gives a view on the practical 

importance of the differences found. The fine-tuned model is compared with the baseline CNN 

and large to very large effect sizes are observed, indicating that the improvements are not only 

statistically strong but also practically significant. 

This is especially important in resource-scarce environments where even a small gain can lead 

to great impact. Moreover, the really high effect sizes seen in this study are strong evidence for 

the proposal of finetuning methods as a way of enhancing generalization in the presence of 

limited labeled data. 

 

4.4. Discussion and Implications 

The findings of the current research are consistent with the earlier studies and literature on 

transfer learning and domain adaptation. As a result, it is confirmed that the usage of pre-trained 

models is a strong basis for low-resource tasks. But at the same time, the discoveries point out 

that merely transferring features may not be enough if the best performance is to be achieved. 

Through the process of fine-tuning, the model is able to close the gap between the source and 

target domains by reshaping the higher-level representations in such a way that the specific 

characteristics of the domain are better drawn out. This flexibility is very important in low-
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resource situations, as otherwise, the mismatch of domains might lower the effectiveness of 

knowledge that has been transferred.  

Looking at the findings from a practical angle, it appears that practitioners will have no choice 

but to favor fine-tuned neural networks over both models trained from scratch and those 

making use of frozen feature extractors when rolling out systems in data-scarce domains. The 

statistically confirmed enhancements that this research has shown provide a solid empirical 

foundation for such choices. 

 

Table 1: Comparative Descriptive Analysis of Baseline CNN, Transfer Learning, and Fine-

Tuned Neural Network 

Model 
Accuracy 

Mean 

Accuracy 

SD 

Accuracy 

95% CI 

F1-

Score 

Mean 

F1-

Score 

SD 

F1-Score 

95% CI 

Baseline 

CNN 
0.677 0.014 

[0.670, 

0.684] 
0.649 0.022 

[0.638, 

0.660] 

Transfer 

Learning 
0.776 0.015 

[0.769, 

0.783] 
0.760 0.014 

[0.753, 

0.767] 

Fine-Tuned 

NN 
0.850 0.012 

[0.844, 

0.856] 
0.841 0.020 

[0.831, 

0.851] 

 

Table 1 gives a detailed comparative performance analysis of the three modeling strategies 

namely: Baseline CNN, Transfer Learning and Fine-Tuned Neural Network. The Baseline 

CNN, for instance, gives the lowest performance, i.e., mean accuracy of 0.677 which is a sign 

of a limited predictive capability without the transfer of knowledge prior to it. The mean value 

of the accuracy standard deviation (SD = 0.014) reveals moderate variability of the 

performance throughout the experiments. The 95% accuracy confidence interval (CI) 

[0.670,0.684][0.670, 0.684][0.670,0.684] indicates that the model's performance was relatively 

stable but at a lower level. In the same way, the Baseline CNN computes an F1-score mean of 

0.649 which indicates lower precision-recall trade-off. The F1-score's SD of 0.022 points out 

an appreciable swing in consistency of classification. Transfer Learning takes a giant step 

towards better results and reports the mean accuracy of 0.776 which is noticeably higher than 

the previous one. The decreased SD of 0.015 is a signal of more uniform performance across 

the board when compared to the baseline model. Its accuracy 95% CI [0.769,0.783][0.769, 

0.783][0.769,0.783] is a proof of the reliable gains coming from the use of pretrained 

representations.  The F1-score mean of 0.760 which is lower than perfect but very close to it 

points to the expected classification balance. Transfer Learning's lower F1-score variability 

(SD = 0.014) is an indicator of the higher robustness across runs. The Fine-Tuned Neural 

Network is the top performing model among all the others. It has a mean accuracy of 0.850 

which is the highest plus a SD of 0.012 which is the lowest, both of them indicating a very 

strong stability. The pretty narrow accuracy CI [0.844,0.856][0.844, 0.856][0.844,0.856] is a 

reflection of the high confidence in its superior generalization ability. An F1-score mean of 

0.841 is an indication of brilliant letting up over precision–recall. In conference, the results 

indicate that progressive adaptation—from baseline to transfer learning and fine-tuning—

results in consistent and substantial performance upgrades. 

 

Table 2: Performance Comparison of CNN Models and Transfer Learning on Accuracy and 

F1 Score 

Group Descriptives 
 Model N Mean SD SE 

Accuracy Baseline_CNN 20 0.677 0.0144 0.00322 
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Fine_Tuned_NN 20 0.850 0.0123 0.00275 

Transfer_Learning 20 0.776 0.0145 0.00325 

F1_Score 

Baseline_CNN 20 0.649 0.0222 0.00497 

Fine_Tuned_NN 20 0.841 0.0205 0.00457 

Transfer_Learning 20 0.760 0.0138 0.00309 

 

In the comparison of different models developed with CNN, the data given in Table 2 were 

used and they were evaluated with Accuracy and F1-Score as metrics. To make a real and clear 

comparison, all the models used the same number of samples for testing (N = 20). The Baseline 

CNN proves to be the least favorable choice with an accuracy of 0.677 and an F1-score of 

0.649. The Fine-Tuned Neural Network model is the one with the most accuracy—0.850, 

which is the highest among all the models—and an F1-score of 0.841, both indicating that the 

tuning-up provides the model with better learning and generalization. Additionally, the 

Transfer Learning method moves past the baseline model and scores 0.776 in accuracy and 

0.760 in F1-score; however, it is still not able to surpass the fine-tuned model. All models report 

very low values for standard deviation and standard error, pointing to stable and reliable 

performance. To sum up, the findings point out that fine-tuning the already-trained models not 

only achieves better classification performance compared to baseline CNN and traditional 

transfer learning approaches but also surpasses them. 

 

 
Figure 1: Normality Diagnostic of Model Residuals 

 

Figure 1 depicts the normal quantile–quantile (Q–Q) plot of the standardized residuals resulting 

from the model evaluation. The plot juxtaposes the empirical distribution of residuals to the 

theoretical quantiles of a normal distribution. Most data points are very close to the reference 

diagonal line, showing that the residuals are nearly normal. This paper maintains that the model 

is accurate and that the normality assumption for statistical inference is fulfilled. Only very tiny 

differences at the edges are observed which are characteristic of real-life modeling and are not 

indicators of serious non-normality of data. The lack of strong bending or regular patterns is 

another justification for the model's validity. The distribution of points around the diagonal line 

also shows that there is completely uniform error behavior across the predictions. The range of 
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the standardized residuals is kept within acceptable limits, which indicates that the presence of 

small outliers is not affecting the model. In summary, the Q–Q plot corroborates the claim that 

the residuals behave like normal ones, which in turn, gives more strength to the assertion of the 

power and the versatility of the proposed modeling technique. 

 

 
Figure 2: Q-Q Plot of Standardized Residuals for Model Normality Assessment 

 

This figure shows the Q-Q plot of the standardized residuals corresponding to the fitted 

statistical model. Q-Q plots are often used to verify whether the data in a specific dataset 

conform to a theoretical distribution, in this instance, the normal distribution. The horizontal 

axis represents the theoretical quantiles of a standard normal distribution, while the vertical 

one shows the corresponding standardized residuals from the model. Each point in the plot 

refers to a residual value plotted against its expected value under the normality assumption. 

The alignment of the observed and theoretical quantiles is what the reference diagonal line 

represents, and thus, it signifies a normal distribution. The points lying very near this line imply 

that the residuals are nearly normally distributed, which is a necessary condition for regression 

and other parametric analyses. The points that are not on the line, particularly at the ends, hint 

at the possibility of skewness or heavy-tailed distribution in the residuals. In the plot provided, 

most of the residuals are found close to the reference line, which suggests that the assumption 

of normality made by the model is largely met. The slight differences at the extremes indicate 

that the non-normality is very minor, and most likely it will not alter the strength of the model. 

This graphical representation works hand in hand with the numerical normality tests and serves 

as a visual diagnostic tool for the assessment of model adequacy. Theoretical distribution of 

residuals is one of the factors contributing to the reliability of parameter estimates, hypothesis 

testing, and confidence interval calculations. To sum up, the Q-Q plot verifies that although 

the model residuals do not fully conform to the normal distribution, the assumption of 

normality is still valid to a great extent, and this goes to support the consequent analyses and 

inferences made from the model. 

 

5. CONCLUSION 

 

The paper elaborated a thorough performance and generalization evaluation of the baseline 

convolutional neural networks, the transfer learning models, and the fine-tuned neural networks 

under low-resource domain adaptation conditions. The study, through a tightly controlled 
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experimental design and rigorous statistical validation, has made it unambiguously clear that 

the scratch-trained models are substantially constrained in scenarios when the amount of 

labeled data is limited. The results obtained from the experiments showed that transfer learning 

not only improves the performance significantly but also at the same time uses the knowledge 

gained from the high-resource source domains. Nevertheless, the most important increase in 

performance is realized with fine-tuning, which is a selective retraining of the higher-level 

layers that makes the model to conform more to the target domain. The fine-tuned neural 

network was the one that always got the best score in accuracy and F1-score when compared 

to both the baseline and transfer learning models. 

One-way ANOVA applied along with the post-hoc Tukey tests indicated that the performance 

upgrades were significant from a statistical point of view (p < 0.005). Not only have the large 

effect sizes highlighted that the improvements noticed are statistically significant but also 

practically relevant. This evidence brings out the role of adaptive learning techniques in model 

generalization under low resources conditions. To sum up, the present study provides strong 

empirical support to the fine-tuning of neural networks in low-resource domain adaptation 

tasks. The use of a statistically grounded methodology and the observation of clear 

performance trends make the conclusions very strong and easily reproducible, thereby 

providing valuable insights for both the researchers and practitioners who operate in data-

scarce environments. 

 

Future Work 

Although this research confirms the success of transfer learning and fine-tuning in low-

resource settings, it still opens up multiple avenues for future research. The first one is that the 

proposed framework can be applied to real-world datasets of different application areas like 

medical imaging, low-resource language processing, and remote sensing, and thus its practical 

usability would be confirmed even more.  

Additionally, future studies might consider the impact of different fine-tuning strategies like 

layer-wise unfreezing, adaptive learning rates, and regularization on finding the best adaptation 

settings. It would also be helpful to analyze the interaction between computing cost and 

performance for use in environments with limited resources. 

By the same token, adding more evaluation metrics, AUC, noise robustness and uncertainty 

estimates, among others, could make the reliability of the model clearer. Besides, the scenarios 

of cross-domain and cross-lingual adaptation represent another important extension, especially 

for applications that witness massive domain changes. 

Only future studies might verify if the combination of self-supervised and semi-supervised 

learning techniques with transfer learning can reduce the reliance on labeled data to such an 

extent that it virtually disappears. The adoption of these hybrid methods is obviously capable 

of elevating the performance and generalization that are usually associated with extremely low-

resource settings, thus, making deep learning solutions more widely used and scalable. 
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